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AlgoQuant Framework

standarized P&L report



Backtesting
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Backtesting with historical data.

Backtesting with optimized parameters.

Sensitivity analysis for all parameters.

Backtesting wit!

h carefully chosen parameters.

Identify the P&L sources.

Backtesting wit!

h bootstrapped data.



Historical P&L
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Optimized P&L
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Sensitivity Analysis of Parameters (1)
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Sensitivity Analysis of Parameters (2)
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Sensitivity Analysis of Parameters (3)

parameter 3

— PML — Information Ratio




Backtesting Using Recommended Parameters
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The performance increase is 486.08%.



Monte Carlo Simulation - Random Walk with

Random Walk, sigma: 0.002094




Monte Carlo Simulation - AR(1)

AR(1), sigma: 0.002094




Monte Carlo Simulation - ARMA(1,1)

ARMA(1,1), phi: -0.669800, theta: 0.644200, sigma: 0.002094




Monte Carlo Simulation — AR(1)+GARCH(1,1), ¢




Monte Carlo Simulation - AR(1)+GARCH(1,1), b




Bootstrapping

» Expected P&L and Variance of P&L

» Politis, N. Dimitris, White Halbert, "Automatic Block-
Length Selection for the Dependent Bootstrap”,
Econometric Reviews , 2004.

» Politis, D., White, H., Patton Andrew,"CORRECTION
TO 'Automatic Block-Length Selection for the
Dependent Bootstrap™, Econometric Reviews,

28(4):372-375, 2009.
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Computing Power

» Very demanding!

» Need to run all different types of backtesting in
parallel on a grid.
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